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Motivation

One of the challenges in information retrieval (IR) is the
vocabulary mismatch problem, which happens when the terms

Baseline Expansion Models

» No Expansion
» Query Expansion Model

Ablation Study

» Robustness on different LMs (See Figure 2).
» Comparison of Stochastic Generation Strategy (See Figure 3).
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UDEG Framework

To tackle the vocabulary mismatch problem, we propose an
Unsupervised Document Expansion with Generation (UDEG)
framework with a pre-trained language model, which generates
diverse supplementary sentences for the original document

 LexRank + paraphrase
« UDEG

Main Results

UDEG outperforms other baselines on the ANTIQUE dataset and
sampled MS MARCO dataset (See Table 1 and Table 2).

Figure 2. Comparison of Figure 3. MC dropout vs top-k sampling (Left) with
BART and PEGASUS. a varying number of generated sentences and
(Right) with a lexical diversity.

Case Study

UDEG successfully retrieves documents (See Table 3).
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Table 1. Retrieval results on the ANTIQUE dataset.

Table 3. Examples of generated sentences on the ANTIQUE dataset.
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Table 2. Retrieval results on the MS MARCO dataset.

performances on benchmark datasets for IR tasks.



